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Abstract

The purpose of text correction task is to correct grammatical errors in natural texts,
in which methods based on sequence tagging are widely used. Recently, pretrained
Chinese Transformer-based encoders in large configurations have been proved to be
effective in many tasks, and different Transformer-based encoders their own advan-
tages on specific tasks. However,the impact of ensembling of sequence taggers based
on pretrained Chinese Transformer-based encoders in large configurations for text cor-
rection have not been explored. Focused on above issues, the improvements to the text
corrections sequence tagging with recent cutting-edge Transformer-based encoders in
Large configurations are investigated. Experimental results on CCL2022-CLTC Track3
datasets demonstrate that pretrained Chinese Transformer-based encoders in large con-
figurations bring about significant improvement to sequence taggers for text correction.
And the effectiveness of ensembing models by majority votes on output edit spans have
been proved. Our best ensemble ranks third in the leaderboard on CCL2022-CLTC
Track3 phase 2 test set.
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Table 2: CCL2022-CLTCFEE = 55 — [ BCHE 75 A FLBAR (48 )

Average Minimal Fluency

Fos Fos Prec | Rec Fos Prec | Rec
kk 55.74 71.51 | 79.95 | 50.27 | 39.97 | 50.69 | 21.66
BUER/NF | 50.41 64.42 | 69.99 | 48.86 | 36.4 | 43.01 | 22.54
BUPTCL 47.39 59.89 | 68.88 | 39.35 | 34.89 | 45.96 | 17.77
NLPHIAR R 47.12 59.35 | 65.1 | 37.07 | 34.89 | 42.44 | 20.39
BERT 4EVER | 45.84 58.83 | 68.96 | 37.07 | 32.84 | 44.87 | 15.85

Table 3: AFEDMFIGETIAVLE R OF X E)

Encoder Average Minimal Fluency
Fos Fos Prec | Rec Fos Prec | Rec

chinese-bert-wwm-ext 39.76 54.05 | 61.06 | 37.04 | 25.47 | 33.91 | 12.76
chinese-macbert-base 39.05 53.25 | 60.19 | 36.45 | 24.84 | 32.19 | 12.98
chinese-macbert-large 40.03 54.38 | 61.33 | 37.41 | 25.68 | 34.16 | 12.88
rbt6 39.56 53.80 | 60.79 | 36.84 | 25.32 | 33.77 | 12.65
rbt13 39.77 54.10 | 61.16 | 37.01 | 25.43 | 33.92 | 12.71
chinese-roberta-wwm-ext 41.16 56.07 | 63.47 | 38.23 | 26.25 | 34.79 | 13.25
chinese-roberta-wwm-ext-large | 40.82 55.69 | 63.08 | 37.92 | 25.59 | 34.43 | 13.07

FEGECToREH | STRFF (21 . .. ) AT — B € SUAVERHIRIET ()15 8| BFR T -
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A T HuggingFacefz it & A7 FIHE > 1Rgy, A SCEA %6528 1 B 59931728 5 HuggingFace7E
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roberta-wwm-ext-large ~ chinese-macbert-base ~ chinese-macbert-large ~ chinese-bert-wwm-
ext~ rbt6~ rbt13% , H B {H A A F 4RI 23 FIGECToRIE R i 17 T SLIG B B . Rl &
e FEbase P BT ZR B E R mig e, BN e I13RE B s & - I s 28 &
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itk o BB R 2 OB R A 58 7 15 H  0  SE AER E B IUIS TSOTALE & - AR T
TER, SRR T 8 AT iy H b 10 1R 28 S 22 0 0F FH Bt g B I R ) 22 BRI SR YRR T VR OR
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Table 4: AR HRCER T E R ROT X 8)

Average Minimal Fluency

Ensemble Fos Fos Prec | Rec Fos Prec | Rec

chinese-roberta-wwm-ext 41.16 56.07 | 63.47 | 38.23 | 26.25 | 34.79 | 13.25
chinese-roberta-wwm-ext-large 40.82 55.69 | 63.08 | 37.92 | 25.59 | 34.43 | 13.07
chinese-roberta-wwm-ext-chinese-roberta-wwm-ext-large 44.29 61.68 | 80.28 | 32.05 | 26.89 | 46.24 | 10.06
chinese-roberta-wwm-ext-chinese-bert-wwm-ext 44.46 61.57 | 78.37 | 33.14 | 27.34 | 44.61 | 10.73
chinese-roberta-wwm-ext+chinese-macbert-base 43.05 59.52 | 76.27 | 31.68 | 26.57 | 44.19 | 10.24
chinese-roberta-wwm-ext+rbt6 43.02 59.49 | 76.14 | 31.73 | 26.55 | 44.26 | 10.21
chinese-roberta-wwm-ext-+chinese-bert-wwm-ext+chinese-macbert-base 45.07 62.76 | 81.92 | 32.43 | 27.37 | 46.75 | 10.30
chinese-roberta-wwm-ext-chinese-bert-wwm-ext+rbt6 45.06 62.66 | 82.19 | 31.98 | 27.56 | 46.71 | 10.44
chinese-roberta-wwm-ext+chinese-roberta-wwm-ext-large+chinese-bert-wwm-ext | 46.92 64.89 | 84.78 | 33.47 | 28.94 | 47.42 | 11.31

I 5 VE 2 R N PP 8 X st 56 FH AS [F] R 2 Jm B O A5 21 & VR IC B R Progs 5. FRREEA
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fA]FCorr_sents_ens o

Prqgs_ i = Encoder;(X) (1)
N
N Procs.i
PTags,ens = w (2)
Corr_sents_ens = Postprocess(Prags_ens, X ) (3)

58 FH o 1 20 B 5 T ) 22 SO R R R B N R 9 X I AN R TR A B T R B & 4 IE R RO A
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Corr_sents_i = Model;(X) (4)

Corr_sents_ens = Major_Votes(Corr_sents_i) (5)
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SEEG SRR o AR SR I A5 A AN RIS A R C R P T R m%%%ﬁ%ﬁﬁﬂmMWﬁ
fe, FEEIM— MR HERPMRIEEBRE, BUSMERSBIF . B4, LRRIPFHR—

YR TE 2SR R AL A AN B R T i AT S A AT DL LA B B R RIS B L AR, -

F545 H T FECCL2022-CLT CFR3E = FF & 48 L i i tH B8 SR 0 2 B =t T Al () 5
15 F i PR O RSP AT R A () B EL IR A TR o R ST R BLAE PR B I P A ) S B B R A T 4R
R A A PR RSP i AT B AU AT ROMERE . FE R IR & REBUS F IR -
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Table 5: it 25 5 4 48 1) 2 B R SR RS i PRiC B SR AR FLEE SR OF R £R)

Ensemble Average Minimal Fluency
Fos Fos Prec | Rec Fos Prec | Rec
chinese-roberta-wwm-ext+chinese-bert-wwm-ext+chinese-macbert-base 45.07 62.76 | 81.92 | 32.43 | 27.37 | 46.75 | 10.30
chinese-roberta-wwm-ext@chinese-bert-wwm-ext@chinese-macbert-base 46.19 64.36 | 86.12 | 32.01 | 28.01 | 50.06 | 10.14
chinese-roberta-wwm-ext+chinese-bert-wwm-ext+rbt6 45.06 62.66 | 82.19 | 31.98 | 27.56 | 46.71 | 10.44
chinese-roberta-wwm-ex@chinese-bert-wwm-ext®rbt6 46.28 64.44 | 86.03 | 32.16 | 28.12 | 49.74 | 10.27
chinese-roberta-wwm-ext-+chinese-roberta-wwm-ext-large+chinese-bert-wwm-ext | 46.92 64.89 | 84.78 | 33.47 | 28.94 | 47.42 | 11.31
chinese-roberta-wwm-ext@chinese-roberta-wwm-ext-larged®chinese-bert-wwm-ext | 47.75 66.17 | 88.29 | 33.05 | 29.33 | 51.2 | 10.83
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