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Abstract

The purpose of Chinese text correction is to detect errors in punctuation, Chinese
character spelling, and semantics in Chinese text. In recent years, the task of text
correction has gained more and more attention, and landing scenarios with com-
mercial value have emerged. This year, the organizers organized a text correction
evaluation for Chinese learners, with five tracks. This evaluation report focuses
on the fifth track of grammatical correction quality, aiming to evaluate the qual-
ity of grammatical correction model modification results. The code is available in
https://github.com/Babysong12/CCL2022-CLTC-Track>.
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PTM Fluency Minimal AVG
BERT-base 27.42 47.93 37.675
MacBERT-base 28.02 49.51 38.675

ERNIE 28.45 48.63 38.54
RoFormer 26.45 45.43 35.94
NEZHA 28.1 49.68 38.89

ELECTRA 27.76 52.16 39.96
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FGM 28.45 48.63  38.54
EMA 27.76 52.4  40.08
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